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Layer {(type) Qutput Shape Param #
vgglée_input (InputLlayer) (None, 224, 224, 3) 0

vgglé (Model) (None, 7, 7, 512) 14714688
flatten_ 1 (Flatten) (None, 25088) Q
dense_1 (Dense) (None, 4096) 102764544
dense 2 (Dense) (None, 4096) 16781312
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Trainable params: 121,5%4,356
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